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Summary

We use unique individual-level panel data from India (Andhra Pradesh), Peru, and

Vietnam on a cohort of individuals surveyed from the age of 8 years to 19 years

to study factors affecting enrolment in higher-education in these middle-income

countries. We document (a) that similar to nationally representative data, the

proportion having accessed higher-education at this age is high (˜35-45 per cent);

(b) that there are steep gradients in higher-education access across wealth and

parental education; (c) that a substantial part of the gradient with regard to

parental education is explained by parental and child aspirations for education,

at 12 years of age, and previous measures of learning; (d) that in contrast, wealth

gradients decline much less with the inclusion of these variables, indicating that

the correlation between household economic circumstances and higher-education

access is only partly due to differences in early-childhood human-capital formation;

and (e) that there are important differences in terms of gender in access to levels

of higher-education (favouring boys in India and girls in Vietnam) and in the

association of various household and individual characteristics and parental and

child aspirations with enrolment in higher-education by 19 years of age. To the

best of our knowledge, this is the first such comparative longitudinal analysis of

access to higher-education in developing-country settings.
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1 Introduction

Education levels have risen rapidly and impressively around the world in recent

decades (Barro and Lee, 2013). Enrolment in primary schooling, an explicit global

policy target in the Millennium Development Goals, is near-universal in most

countries (UNESCO, 2015). Access to secondary schooling, while not as high, has

also seen a rapid rise and also is now an international target for the Sustainable

Development Goals.

Our focus in this paper is on the subsequent, tertiary, stage of education. While

higher-education has also increased rapidly in many countries in the last two

decades, we know much less about the relevant determinants of access.1 The lack

of knowledge in this area contrasts with the extensive literature on this topic in

developed countries.2 And yet, due both to the rising prevalence of higher-education

and the changing economic structures of many developing countries, especially those

now attaining middle-income status, questions of access to higher-education are

already worth considering and likely to increase in importance in the near future.

We attempt to address this gap partially for three developing countries – India,

Peru, and Vietnam – using rich panel data on a cohort of individuals collected for

over a decade preceding college enrolment. Specifically we focus on three related

questions. First, we analyse patterns of access to higher-education, focusing in

particular on inequalities in access in terms of socioeconomic characteristics and

gender, to ask how inequitable is higher-education access for recent cohorts. Second,

we use panel-based decompositions employing rich child-level data collected for

over a decade preceding college enrolment, to establish the extent to which these

inequalities apparent in early adulthood reflect household circumstances through

childhood vs. intrahousehold choices or the aspirations and investments in learning

by individuals. Third, we investigate the extent to which the factors affecting

eventual access to higher-education vary in their effects across gender, across urban

and rural areas, and across parental education.

1For a survey of current knowledge of higher-education in developing countries, see Kapur and
Crowley (2008).

2For panel-based analyses of the determinants of access to higher-education in the USA and
the UK, which are closest in motivation to our own work, see for instance Cameron and Heckman
(1998),Cameron and Taber (2004), Cameron and Heckman (2001), Keane and Wolpin (2001),
Chowdry et al. (2013), and Crawford and Greaves (2015). Additionally, several papers whose
primary focus is on specific interventions at earlier school-going ages use access to higher-education
as a relevant outcome variable: examples of such studies include those of school quality (Deming
et al. (2014)), high-stakes performance incentives in high schools (Angrist and Lavy, 2009), Charter
schools (Angrist et al., 2016), and student aid for easing borrowing constraints. See Rau et al.
(2013).
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These questions are of interest for several reasons, even in developing-country

contexts where access may not be universal even at lower levels. First,

higher-education may have a substantial effect on the future employment, wages,

and security of tenure of individuals.3 Inequality in access to higher-education,

especially on grounds of pre-determined social and economic characteristics,

may therefore translate into inequality in outcomes later in life and may have

significant distributional consequences. The possibility of non-pecuniary benefits,

such as improvements to health, further accentuates this concern.4 Second,

higher-education may have direct effects on the economic prospects of countries

(see e.g. Bloom et al. 2014). Inequality in access to higher-education, when arising

from factors unrelated to future worker productivity, is then an illustration of a

misallocation of resources with implications not only for the individuals but also for

the broader economy.5 Finally, if higher-education has intrinsic value for individuals,

at least to some degree, then inequality in access to higher-education can have direct

consequences for individual welfare.

These concerns are likely to be most relevant for middle-income developing

countries. Typically, in such contexts, access to schooling has already increased

rapidly, the economic structure has changed, and the demand for higher-education

has also risen with rising per capita incomes. These trends, moreover, are likely to

continue — and the salience of this area, therefore, is likely to grow. For instance,

globalisation and skill-based technical change may raise the skill premium from

tertiary education and cause a polarisation in labour earnings similar to that in

the USA6; if so, our first concern, of distributional consequences for individuals, is

likely to become more germane. Similarly, skills developed in higher-education may

be particularly relevant for economic growth at the stage of development in which

middle-income countries find themselves; in which case, our second concern, about

the macroeconomic impacts of inequality in higher-education access, may increase

in relevance.

3These concerns are made more serious by the possibility that private economic returns to
education in many developing countries may well be convex, with a year of tertiary education
adding substantially more to wages than education at lower levels. See, for instance, Bigsten et al.
(2000); Söderbom et al. (2006).

4See, for instance, Cutler and Lleras-Muney (2008) and Oreopoulos and Salvanes (2011).
5There is a large and rapidly growing macroeconomic literature on the misallocation of human

capital. See, in particular Hsieh and Klenow (2009) and the recent summary article by Restuccia
and Rogerson (2013). Apart from its direct contribution to factors of production (augmented
human capital), higher-education could affect economic growth through potential spillovers into
the strengths and weaknesses of state institutions, which could also affect economic outcomes
(Kapur and Crowley, 2008).

6See, e.g., Autor et al. (2003), Acemoglu and Autor (2011), and Goldberg and Pavcnik (2007).
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The data used in this paper come from the Young Lives study which has tracked

a cohort of individuals born in 1994/95 over four survey rounds from 2002 to

2014 in India (Andhra Pradesh state only), Peru, and Vietnam.7 The data are

particularly suitable for this analysis. In the most recent round of data collection,

individuals in this cohort were aged around 19 years and had typically either made

the transition into tertiary education or dropped out of education.8 This ensures

that our information is on the most recent cohorts entering higher-education in these

countries, which is very useful given relatively rapid changes in higher-education

access in recent decades. Second, rich information on household circumstances,

parental and child aspirations for education, detailed measures of academic

achievement and ability, and household and individual investments in education

allow for extensive analyses of the factors determining access. Third, the three

study countries offer an excellent spread of the developing countries for which these

issues are likely to become most relevant in coming decades. In all three countries,

access to primary schooling is near-universal, and secondary-school access has also

been rising rapidly. Further, all of these countries are middle-income countries now,

with rapid rates of growth in recent decades; they are likely to need a larger pool

of skilled tertiary-educated workers to sustain these growth rates in the future.

The key contribution of our paper is to present what is, to our knowledge, the

first investigation to focus on this increasingly important research area using a

long panel, with detailed data and comparable measures across countries with very

different labour markets, educational systems, and institutonal sectors but of similar

middle-income status with high economic growth in the past decade.

We document (a) that similar to nationally representative data, the proportion

having accessed higher-education at this age is high (˜35-45 per cent)9; (b) that there

are steep gradients in higher-education access across wealth and parental education;

(c) that a substantial part of the gradient with regard to parental education is

explained by parental and child aspirations for education, at 12 years of age, and

previous measures of learning; (d) that in contrast, wealth gradients decline much

less with the inclusion of these variables, indicating that the correlation between

household economic circumstances and higher-education access is only partly due

to differences in early-childhood human-capital formation; and (e) that there are

7The Young Lives study also collects data on individuals in the same birth cohort in Ethiopia.
We have not used data on Ethiopia in the present analysis since a substantial portion of the sample
are yet to complete secondary education and because our focus here is restricted to middle-income
countries.

8The precise distribution is presented in Section 3.
9For approximate comparison, the initial participation rate for 17-30 year olds in the UK was

about 47% in 2013/14 (Department of Business, Innovation and Skills, 2015).
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important gender differences in access to levels of higher-education (favouring

boys in India and girls in Vietnam) and in the association of various household

and individual characteristics and parental and child aspirations with enrolment

in higher-education by 19 years of age. To the best of our knowledge, this is

the first such comparative longitudinal analysis of access to higher-education in

developing-country settings.

The rest of this paper is divided as follows: Section 2 presents, as a background

for our panel analysis, an analysis of the trends in the access of men and women to

higher education across successive cohorts in these three countries, using nationally

representative datasets; Section 3 presents details about the Young Lives data

and sample and presents descriptive statistics of access to higher-education in the

sample across various dimensions; Section 4 presents regression-based analyses of

the factors affecting access; Section 5 investigates heterogeneity in the associations

by sex, urban/rural location, and parental education; and Section 6 presents our

conclusions.

2 Background

In this section, we foreground our later analysis of access of recent cohorts to

higher-education by looking at (a) a basic description of the educational systems

in the three countries, with a focus on schooling which acts as a feeder into the

higher-education system, to understand the arrangement of the schooling systems

and the typical pattern of enrolment and dropping-out for recent cohorts in these

settings and (b) trends in changes to higher-education access across decades in these

settings for men and women.

2.1 Educational context of the study countries

Higher-education enrolment is an advanced stage of the formal education process

which begins much earlier in childhood. Understanding patterns of access to

higher-education requires, therefore, at least a minimal understanding of the

organisation of primary and secondary schooling in the relevant context. To describe

these patterns we utilise the latest nationally representative household survey that

we could find freely available. For India, this is the India Human Development

Survey - II (2012), for Peru the National Household Survey (2010), and for Vietnam

the 2010-2011 round of the Multiple Indicator Cluster Survey (MICS).
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Figure 1 depicts access to education in recent years among individuals between

the ages of 5 and 18 years in each country, using data from recent nationally

representative surveys.10 Red vertical lines indicate the official starting ages for

primary and secondary education. Although the starting age for the primary level

is common in these countries (6 years), the length of each educational level is not.

In particular, elementary schooling is longer in India (8 years) compared with Peru

and Vietnam (6 and 5 years respectively). At the same time, the secondary level

in India is shorter. This balances things out compared to Vietnam, but not with

respect to Peru. Assuming no repetition, a child requires 12 years to complete

school education in India and Vietnam, compared with 11 years in Peru.

In all three countries, enrolment rises to nearly 100 per cent within a year of the

starting age for formal schooling. In Peru, and to a lesser degree Vietnam, it stays at

these near-universal levels for the duration of primary schooling; in India, children

begin to drop out of education at younger ages, with this decline particularly

pronounced from about the age of 10 years. In all countries, the decline in enrolment

is steeper at secondary-school ages, with significant differences in enrolment across

adjacent years.

Gender differences in enrollment appear differentially across countries. In India,

girls seem more at risk of dropping out from the primary-school age onwards, and

the gap between male and female enrolment grows throughout the educational

trajectory. In Vietnam, there is little evidence of a gender-based difference in

enrolment at primary school ages, but a noticeable gap favouring girls emerges in

secondary schooling, with the gender gap in enrolment being greatest at the end of

secondary schooling. In Peru, by contrast, there seems to be no evidence of gender

gaps throughout schooling. There is some indication of a modest gap favouring girls

in access to higher-education which seems to exist only at that stage and is small

in magnitude.

Finally, in talking of higher-education, it is worth providing some background notes

also about the quality of education which schools impart in the three countries.

The quantity of education differs widely in the three countries. In the 2012 PISA

assessment round, which aims to provide international comparative assessments of

the mathematics, reading, and science skills of 15-year-old students, Vietnamese

students score very highly (above, for example, the UK and the USA) while Peru

ranked the last among the 65 countries covered (OECD, 2013); India had not

participated in the 2012 round, but in the previous round (2009) the learning

10This figure shows the percentage of enrolled children and young adults of different ages in the
national survey for each country.
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levels of Indian students were found to be significantly lower than these in Peru

and second-lowest among the countries then surveyed, higher only than Kyrgyztan

(Walker, 2011). Similar ordinal rankings across the three countries are demonstrated

in the common tests administered by the Young Lives surveys: as Singh (2014)

documents, while there are some gaps already apparent at 5 years of age between

these countries, before children have enrolled in formal schooling, these gaps widen

significantly by the age of 8 years, with divergence from Vietnam being accounted for

almost entirely by the much higher productivity of primary schooling in producing

learning gains. In this paper, we will not be able to address questions of what

individuals are learning in higher-education, or indeed their degree of preparedness

for college, but it is worth keeping in mind that the ability of students to thrive in

college may be very different across these three settings, reflecting the differential

productivity of the national schooling systems.

2.2 Trends in access to higher-education

Figure 2 presents by year of birth the proportion of men and women in the nationally

representative data who had attended higher-education.11 In all three countries, the

percentage of individuals who have accessed higher-education is relatively high for

recent cohorts, ranging between 30 and 40 per cent for cohorts born in the 1990s.

In all countries, this proportion has risen over the recent decades, but the timing

and pace of increase seems different across the countries: in Peru, we observe a

steady increase at a near-constant rate for cohorts born mid-1950s onwards for a

period of about 25 years; in Vietnam, this increase begins later, evident mostly for

cohorts born after the 1970s but then increasing at a relatively rapid rate; finally,

for India, we see a slow but steady increase throughout the period covered by Figure

1, but with the pace of increase having increased sharply for cohorts born after the

1980s.

This figure also reveals interesting patterns by gender. In all three countries,

men born in earlier cohorts (1950s and 1960s) were more likely to have had

higher-education than women in their cohorts. Subsequently, however, the patterns

diverge between India, on the one hand, and Peru and Vietnam on the other. In

11Note that these are individuals who are surveyed in the relevant nationally representative
survey. This is not a random subsample of individuals born in the relevant year, due to mortality
(and resulting attrition in the data). Mortality risk varies by age and gender. The magnitude of
the problem that this poses is likely to be more severe for older birth cohorts. However, we think
the magnitude of this problem is not of great importance for the description of trends, which is
all we seek to achieve through this figure.
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India, this pro-male pattern in access to higher-education seems to have widened

steadily for cohorts, born before 1980 and then stayed constant in the period since.

In contrast, Peru and Vietnam display an extensive period of convergence between

genders and, in recent cohorts a marked reversal of the gender gap: for current

cohorts, access to higher-education is higher for women than for men, with this

reversal being particularly pronounced in Vietnam.12 The levels of enrolment in

higher-education, and the differences in enrolment by gender, will be a key reference

point for us when analysing the Young Lives data in Sections 4 and 5.

3 Data and descriptive statistics

3.1 Data

Data used in this survey come from Young Lives, a longitudinal study of childhood

poverty which has collected data on two cohorts of children – born in 1994/95 and

2001/02 – since 2002 in Ethiopia, India (Andhra Pradesh), Peru, and Vietnam.13

In this paper, we use data on the 1994/95 cohort from India, Peru, and Vietnam.14

In each country individuals from the older cohort were sampled following a similar

multi-stage sampling procedure. First, 20 clusters were selected in each country.

Then, in each cluster around 50 households that had at least one child aged 7 to

8 were enrolled (between 25 and 50 households in the case of Peru). Although the

samples are not statistically representative of the national populations, comparisons

with nationally representative datasets show that they are informative of a large

range of living-standard conditions in each of the selected countries (Escobal and

Flores, 2008; Kumra, 2008; Nguyen, 2008).

12The larger proportion of girls entering higher-education in Peru and Vietnam is similar to
that in many OECD countries and illustrates a broader trend in developing countries, which is
particularly pronounced in Latin America and Southeast Asia. This is summarised in Grant
and Behrman (2010), who look at enrolment in schooling for a wide age range, using nationally
representative data from 38 developing countries.

13Over the period of this study, the state of Andhra Pradesh (with a population of 84 million
people in 2011) was bifurcated into Telangana and Andhra Pradesh states in 2014. Throughout
this paper, when referring to Andhra Pradesh, we mean the undivided state as it existed until
2014. In terms of enrolment and learning outcomes, Andhra Pradesh is typically close to all-India
averages (see e.g. Pratham 2015). In the paper we will often refer to results for ‘India’ or ‘the
Indian sample’; readers are requested to keep in mind that the sample is exclusively based in this
one state.

14The younger cohort, born in 2001/02, were aged only 12 in 2013/14 and hence not of interest
for this particular paper. The reasons for excluding Ethiopia have already been mentioned (see
footnote 4).

12



The first survey took place in 2002, immediately after the households were enrolled,

with further rounds of data collection in 2006/7, 2009/10, and 2013/14. The timing

of the different rounds and the ages of individuals in the sample at these points

are provided in Figure 3. Attrition rates across the four rounds are relatively low

over this 12-year period of data collection: 4.3 per cent in India, 10.3 per cent in

Peru and 11.3 per cent in Vietnam. In the case of Peru and Vietnam, attrition

increased by around 5 percentage points between the third and fourth rounds as a

consequence of high migration rates and increases in refusal rates among the young

people, many of whom have moved and become economically independent.

Table 1 presents information on some basic characteristics of the sample in each

country. In India and Vietnam, the sample is predominantly rural, while in Peru

a majority of the sample lives in urban areas.15 Peru and Vietnam both have

a significantly higher level of maternal education: the proportion of mothers in

our sample with no formal education is about 60 per cent in India but about

10 per cent in Vietnam and Peru; most mothers in Vietnam and Peru report

having at least secondary education. A similar picture is also evident for paternal

education, although levels in all countries are higher than for maternal education,

especially so in India. These differences are less stark when comparing a simple

wealth index which aggregates ownership of durable goods, access to services, and

housing quality; this probably reflects the basic measure of prosperity that such

measures capture. The Young Lives survey also collected anthropometric data on

these individuals in each round of the survey; at the age of 8 years, it is evident

that the mean height-for-age z-scores (constructed with reference to the WHO

2006 standards) are significantly below the mean of the international reference

distribution. In each of the countries, reflecting the sample design, the survey

individuals were aged just under 19 years on average.

An aspect of the Young Lives data that is very attractive is that questions were

asked of children and their primary caregiver (nearly always the mother) about

their aspirations for education for the index child.16 As is evident from the Table 1,

both parental and child aspirations are high: most parents/children respond with

15National statistics classify about 70 per cent of the population in Peru as urban, with about
30 per cent of the total population concentrated in the capital city, Lima. This is in stark contrast
to the other two countries.

16Educational aspirations were mesaured through the following question: Imagine you had no
constraints and could study for as long as you liked, or go back to school if you have already left.
What level of formal education would you like to complete? An analogous question was asked
of the caregiver (typically, the mother) of the individual. Both own and parental educational
aspirations were measured for the first time when the individual was aged 11 to 12, and this is
the observation that we use.

13



aspirations of going to university. In the 2006 and 2009 rounds, the survey also

collected scores for the test in mathematics and receptive vocabulary which were

administered to all sample children, regardless of current enrolment status.17 In

this analysis we use the measure of such aspirations as collected in the 2006 round

of the survey, when the sample children were aged 12 years on average.18

3.2 Descriptive statistics of higher-education enrollment

Table 2 presents information on the current enrolment status of our sample. In

the Indian sample, around 43 per cent of the sample are already enrolled or have

been enrolled in higher education, and about 46 per cent in Peru and 36 per cent

in Vietnam.19 Within those individuals never enrolled in higher education, most of

While aspirations are collected in terms of the precise grade of schooling or university, in our
analysis we reduce this information to a dichotomous variable which equals zero if the respondent
aspired to an education up to secondary level or lower, and 1 if they aspired to higher-education.

17In the analysis, we normalise the test scores to have a mean of zero and the standard deviation
of one within each country sample. This enables an easier interpretation of coefficients on test
scores in regression results but comes at the cost of incomparability of test scores across countries.
An international comparison of learning levels is not our purpose here; readers interested may
however want to see Singh (2014), where such comparisons are presented and analysed.

18We choose the measure from this age, rather than from the later 2009 round, since a vast
majority of the sample were still enrolled in school, in contrast to the 2009 round, when about 22
per centof the children in India and Vietnam and 15 per cent of the children in Peru had already
dropped out of school. While the question as posed does incorporate the possibility of eliciting a
response even when individuals have already dropped out of school, it is possible that this measure
is contaminated by the experience of having dropped out of school already.

In the 2006 round, aspirations were not collected in India for children who had dropped out of
schooling. For this sub-group (˜10 per cent of the sample), we use the aspirations variable collected
at 15 years of age as the measure of aspirations. Although this strategy is not ideal, given that
aspirations by the age of 15 are likely to be much more influenced by school performance than
at the age of 12 (thus more informative of objective expectations than aspirations), we believe
this strategy to be superior to the alternative of excluding these observations from the analysis
altogether. This is because in this group of children both aspirations for higher-education and
actual enrolment in higher-education are likely to be lower than for the rest of the children.
Therefore, excluding these individuals from the analysis would lead to sample-selection bias. In
the case of Vietnam and Peru the number of children who did not answer the aspiration questions
in 2006 is very small (5 and 3 students), thus in this case no further imputation was made.

19This figure includes all individuals who have enrolled in higher-education up to the survey
round in 2013/14, thus including those individuals who had enrolled in higher-education but
potentially dropped out by the time of the survey as well as, exceptionally, any individuals
who had completed their post-secondary studies. We make this choice since our focus in this
paper is to assess factors determining initial access to higher-education and not on completion
of higher-education; given the currently enrolled status of most of the individuals in our sample
who had at any time accessed higher-education, we cannot (yet) distinguish between those who
have enrolled but may not complete higher-education and those who eventually get degrees or
other post-secondary qualifications. If we consider only those who were enrolled at the time of
the last survey round (2013), around per cent of the Indian and Peruvian samples were enrolled,
and 35 per cent in Vietnam; the difference from the higher figure quoted above results primarily
from drop-out in higher-education that had already occurred by 2013/14. Among those who are

14



them have already dropped out of school at this stage. In India and Peru, only 10

per cent of the total sample are still enrolled in school education. In Vietnam the

figure of those still enrolled in school is higher, at about 18 per cent. Most sample

individuals who are still enrolled but are not in higher-education are in the last year

of secondary schooling.20 As in the national data, there are significant gender gaps

in enrolment favouring young men in India and young women in Vietnam; however

no evidence of a gender gap is observed in the Peruvian sample at this level of

agreggation.

The presence of some school-going individuals at this age complicates our analysis:

presumably some, but not all, of these individuals will eventually enrol in higher

education, but this is not yet observed. Given that our interest lies in understanding

the factors associated with higher-education attendance, in the analysis that follows

we will take a conservative approach and focus only on those individuals who have

already enrolled or were enrolled in higher-education: our key (binary) dependent

variable will be defined to equal 0 if an individual is never enrolled or enrolled in

school education, and 1 otherwise.21 In addition, for the current analysis we do not

distinguish between attending university and attending technical / post-secondary

vocational institutions. This is both because such distinction is not material to

our core purpose of studying access to tertiary education and because the precise

definition of what qualifies as technical / vocational education varies across the

countries in our sample.

Table 3 presents initial descriptive statistics on the characteristics of those

individuals who have had higher education. In all countries, sample individuals

in urban areas are more likely to have been enroled in higher-education than those

in rural areas. Higher-education access increases with the wealth of the household,

maternal education, and paternal education, with a pronounced gradient in all

these dimensions. It is also more prevalent among the first-born individuals.

These patterns are observed in all countries. As in Table 2, there are gender

gaps in enrolment favouring young men in India and young women in Vietnam.

Interestingly, however, these gender gaps seem to be concentrated largely in rural

areas, among the less educated and the less wealthy. Finally, it is interesting to

currently enrolled in higher-education, 60 per cent are enrolled in private institutions in India, 63
per cent in Peru and 11 per cent in Vietnam.

20Of those still attending school, 87 per cent in Vietnam, 61 per cent in India and 60 per cent
in Peru are in the last year of secondary school.

21Strictly, this may be interpreted as a measure of whether an individual has made it to
higher-education at the right age. However, our purpose is to analyse access to higher-education
(and not necessarily access at the right age). In the appendix, we also present results assuming
that all individuals currently enrolled in secondary schooling will also go to college.
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observe the existence of a pro-male bias in rural areas and among the less wealthy

in Peru, something that is not observed at the aggreggated level.

3.3 Aspirations for higher-education

Aspirations for education, and for higher-education in particular, are central to our

analysis. We focus on aspirations measured in 2006, when the child was aged 12

years, a point of transition from elementary to secondary level. In Table 4 we report

parental aspirations for the child and the child’s own aspirations at that moment

of time.22 In our country samples, child aspirations for higher education are the

highest in Peru (91 per cent), followed by Vietnam (76 per cent) and India (64

per cent). A similar pattern is observed for parental aspirations, which are highest

in Peru (94 per cent) followed by Vietnam (78 per cent) and India (70 per cent).

Parental aspirations are only slighly higher than child’s own aspirations. It is also

imporant to note that there are some differences in aspirations by gender that tend

to reflect of the gender gaps eventually observed in higher-education at the age of

19: pro-male in India and pro-female in Vietnam. In the case of Peru, a pro-female

bias is also observed. The gender gap in child aspirations is larger in India (14

percentage points), followed by Vietnam and Peru (5 and 4 percentage points).23

A similar pro-male and pro-female gap is observed for parental aspirations in India

and Vietnam (16 and 4 percentage points, respectively), whereas in the case of Peru

the pro-female bias reverts to a small and most likely insignificant pro-male bias (2

percentage points)24.

4 Factors affecting access to higher-education at 19

4.1 Empirical specifications

Patterns presented in Table 3 are useful, but only partially indicative of the factors

affecting access to higher-education in our data. In this section, we go further and

22In the case of India, there were 104 children who were not attending school in 2006 who did
not have to answer the question about aspirations for education. For this group of children we
decided to consider the aspirations for education reported in 2009 (when they were aged 15 years)
instead.

23The proportion of boys (girls) who aspire to higher-education is 75 per cent (63 per cent) in
India, 89 per cent (93 per cent) in Peru, and 74 per cent (79 per cent) in Vietnam.

24The proportion of parents that aspire for higher-education for their boys (girls) is 78 per cent
(62 per cent) in India, 95 per cent (93 per cent) in Peru, and 76 per cent (80 per cent) in Vietnam.
That girls’ aspirations for their own education are higher than their parents’ aspirations for them
in these data has previously been noted and analysed in Dercon and Singh (2013).
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explore the partial correlations of a set of household and individual characteristics

with higher-education access at 19 years. We focus in particular on three sets of

factors: potential household-level determinants such as wealth and rural location;

potential drivers of intra-household choices of which child to send to college, such

as sex, birth order, and parental aspirations; and potential individual determinants

of reaching higher-education, in particular measures of human capital from earlier

in childhood (such as test scores and nutrition) and individuals’ own aspirations

in childhood for completing higher education. For all time-varying factors, most

importantly the aspirations and human-capital measures, we use observations from

when the individual was aged about 12 years and decisions about when to drop out

of education had not been realised for most of the sample.

Our particular interest is in understanding two specific sets of relationships: (a)

to what extent does higher-education access depend on household socioeconomic

status and fixed individual characteristics such as gender and birth order; and (b)

to what extent is it related to the fomation of human capital in childhood, at earlier

stages of education.

We use linear probability models to measure these relationships. We make this

choice, instead of non-linear limited dependent variable models such as probit or

logistic regressions, because of the ease in interpretaton of coefficients as marginal

effects, because we will be using some site-level fixed effects in our analysis, and

mostly because our primary aim is to evaluate the partial correlations and not to

forecast probabilities; we will, however, show in the Appendix that this choice does

not guide our results.

Our regression specification is as follows:

Yij,19 = α + β1.Xij (1)

+β1.ParentalAspij,12 + β2.ChildAspij,12 (2)

+β3.PPV Tij,12 + β4.Mathij,12 (3)

+λj + εij (4)

The dependent variable Yis,19 is a binary variable taking the value of one if individual

i in cluster s is enrolled in higher-education in the 2013/14 round (aged 19 on

average). The analysis is carried out step-wise, as indicated in the equation

above. The first specification (Equation 1) regresses higher-education enrolment

on a vector of background characteristics Xij that contains the following variables:
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mother´s and father´s level of education (no formal education is the omitted group),

household location in the distribution of the wealth index by terciles at the age of

7-8 years (the lowest tercile is the omitted group), area of location (rural or urban)

at the age of 7-8 years, height-for-age at the age of 7-8 years, birth order of the

individual, number of siblings, age in years, and gender.25

Equation (2) further adds two variables - caregivers’ and individuals’ own aspirations

of accessing higher-education - to the variables already in Xij; both caregiver

and child aspirations are included here as binary variables equalling one if the

respondent had expressed an aspiration for post-secondary education. Coefficients

on the aspirations variable, in this set-up, may be interpreted as the correlation

of these variables with higher-education, having accounted for the difference in

aspirations across different wealth groups, different levels of parental education, and

rural/urban areas, etc. These estimates allow us to answer whether the aspirations

variables add any further information to our analysis, and whether aspirations

function as a channel for realising the observed differences in higher-education

attendance across, say, different wealth groups or sexes.

In Equation (3), we further add test scores at the age of 12 on mathematics

and receptive vocabulary to the specification. Two issues are central in the

interpretation of these results. The first is the interpretation of the coefficients

on learning themselves: they should be interpreted as the extent to which learning

accumulation by 12 predicts higher-education access at 19; they may be suggestive of

the effects of skills gained through primary education on long-term outcomes (in this

case, higher-education), but such a causal interpretation cannot straightforwardly

be sustained in the specification above, since lagged achievement also proxies

for individual-specific heterogeneity and unobserved determinants which affect

higher-education directly and are also correlated with test scores.

The second issue relates to the interpretation of the other coefficients in the

regression. If lagged achievement acts as a summary statistic for fixed ability

25The reason for using rural location from 7-8 years, rather than from later in life, is that some
families may move to urban areas in order to be closer to secondary schools and colleges. This
would complicate the interpretation of the regression coefficient on rural location. The reason
for using wealth from 7-8 years of age is subtly different. Children who drop out of education
by 12 or 15, the next age group for which information is available, are themselves more likely
to be contributing economically to the household through paid work, work on the family farm
or business, or domestic chores and care activities that free up other members of the household
for remunerative employment: thus wealth at 15, and even more so at 19, may well reflect the
consequences of having dropped out and not enrolling in higher-education. Finally, the reason for
choosing the height-for-age z-scores from 7-8 years of age is that the next round of anthropometric
measurements (at 12 years) are made inherently noisier by the onset of puberty for some members
of the cohort.
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and past investments in human capital, and sufficiently absorbs unobserved

individual-specific heterogeneity, then the other coefficients may be interpreted

causally as policy effects. This latter condition is the fundamental assumption

underlying value-added models of achievement where controlling for lagged

achievement is assumed to provide conditional exogeneity. Such models have

recently been found to be unbiased in comparison with various experimental

and quasi-experimental estimates,26 including for predicting higher-education

enrolment and the type of college attended (see Deming et. al. 2014). This is

encouraging because, as pointed out clearly by Todd and Wolpin (2003, 2007),

value-added estimates can still be biased by both measurement error and unobserved

heterogeneity that affects trends. While recognising that such an interpretation

may be tenable, we do not seek here to claim full conditional exogeneity of the

coefficients estimated; our goal here is not the estimation of specific policy effects,

and, despite many encouraging results assessing whether controlling for lagged

achievement can provide reasonable estimates of the same, it is always possible that

residual sources of omitted-variables bias exist.27 Our more modest claim, rather, is

that the ability to control for lagged achievement reduces substantially the bias due

to unobserved individual-specific heterogeneity. Further, we interpret the estimates

on the other coefficients as being results conditional on human-capital divergence

that had already emerged by middle school and thus reflecting the divergence that

emerges in the latter stages of education.

In Equation (4) we finally add a vector of fixed effects for the initial communities

in which the individuals were sampled in, effectively restricting comparisons to

those between individuals in the same initially sampled cluster. Standard errors

in all regressions are clustered by the initial community in which individuals were

sampled. Regressions are estimated separately for each country sample.

26See, e.g., Angrist et al. (2013); Chetty et al. (2014); Deming (2014); Deming et al. (2014);
Kane and Staiger (2008); Kane et al. (2013); Andrabi et al. (2011) and Singh (2015). The latter
two studies cited are in developing countries, with the rest being based on data from the USA.

27In Singh (2015), for instance, one of us has previously demonstrated using Young Lives data
from India that some of the structural assumptions implicit in the cumulative-effects value-added
model are, in fact, violated in the data (pp. 26-28). This issue is of secondary importance in that
particular application, since the magnitude of the violation is small and the resultant estimates
of the policy effect being evaluated (private-school effects) are not substantively biased and not
statistically distinguisable from experimental estimates. While these results, and similar other
results from various contexts, are encouraging as a matter of practice, any attribution of causal
impact for the coefficients here will require a much more careful analysis of the possibility of
residual bias than we present here.
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4.2 Results

Results from the above exercise are presented in Table 5. The results from the

first specification, in all countries, mostly reaffirm patterns that were evident in the

descriptive statistics. In both India and Vietnam, we continue to see important

gender differences in higher-education attendance: conditional on these various

characteristics, girls in India seem about 11 percentage points less likely to engage

in higher-education than boys; in Vietnam, the differential is reversed and girls

are about 7 percentage points more likely to attend college. In all countries,

there is a pronounced gradient with respect to household wealth: individuals in

the middle and upper terciles of wealth are 10 and 21 percentage points more

likely to enrol in higher-education in India than those in the lower third of the

wealth distribution; in Peru, the upper tercile is 18 percentage points more likely

to enrol; in Vietnam, individuals in the middle and upper terciles are 10 and 16

percentage points more likely to enrol. There is also a pronounced gradient with

respect to maternal education: in India, adding 20(27) percentage points to the

probability of higher-education access if mothers have secondary(higher) education

as opposed to no schooling; adding about 19(41) percentage points in Vietnam for

maternal secondary(higher) education; and in Peru, about 18 percentage points

for maternal higher-education. Conditional on maternal education and various

other socioeconomic characteristics, father’s education much less consistently has a

significant association with higher-education access for the sample. In this simple

specification, we see little evidence of differences by birth order in Peru, but being

the third child born (or more) reduces enrolment in higher-education by 8 and

10 percentage points in India and Vietnam, respectively. The total number of

siblings has a significant negative association in Peru, but this is relatively modest

in magnitude.

The one dimension in which the results from the linear probability models differ

significantly from the bivariate patterns is in the specific context of rural areas.

Whereas in all countries we had shown that the overall probability of having

enrolled in higher-education is lower for rural areas, in the regression specification

the coefficient for rural location invariably has a positive coefficient which is large

and statistically significant for Vietnam: this suggests that the lower probability

of higher-education in rural areas is intimately tied to the lower wealth and lower

parental education in these areas but that, conditional on these characteristics,

individuals with the same socioeconomic characteristics are more likely to transition
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to higher-education from rural areas. This is an intriguing pattern and one that we

shall explore more fully in the next section.

Looking at column (2) in each country, where we additionally include aspirations of

the caregiver and the child, we see some interesting patterns emerge. The coefficients

on these aspirations are invariably positive, and, in all countries, children’s reported

aspirations from the age of 12 are a significant predictor of higher-education

attendance at 19. In India and Vietnam, additionally, the caregiver’s reported

aspirations also retain a significant positive coefficient. The inclusion of aspirations

in India halves the negative coefficient on the female dummy variable; this indicates

that lower parental and child aspirations are a channel through which gender bias

manifests itself in the eventually lower higher-education attendance for Indian girls.

In no country does the addition of aspirations cause much of a decline in the

wealth gradient for higher-education access, which suggests that the observed gaps

by wealth do not reflect ’aspirations gaps’ for different economic groups. This is

notable, since the ’aspirations poverty traps’ have drawn attention in the theoretical

literature (see e.g. Ray 2006; Mookherjee et al. 2010; Dalton et al. 2016) and other

contexts (Bernard et al., 2011).

The further incorporation of test scores in Column (3) highlight that test scores

at 12, especially in mathematics, strongly predict eventual higher-education access.

Given that enrolment in higher-education is an advanced stage of having successfully

transitioned through multiple previous stages of formal education, and because

test scores are also supposed to soak up individual-specific heterogeneity, this is

not surprising. The inclusion of test scores does cause declines in coefficients on

parental education and wealth, but typically not by very much; this indicates

that the effect of these socio-economic characteristics in raising the probability

of later higher-education attendance does not result solely through the channel

of early childhood investments or aspirations, but that liquidity constraints and

current economic circumstances are likely to play a substantial role in determining

higher-education access.28 An interesting pattern that is immediately notable,

however, is that coefficients on children’s aspirations for higher-education decline

significantly once test scores are controlled for. This could either represent a pattern

28We are, of course, unable to say this causally, since we do not have experimental, or otherwise
plausibly exogenous, variation in either incomes or test scores. However, it is worth noting that
these partial correlations do suggest that the differences in the contribution of liquidity constraints
vs. early childhood invesments in explaining higher-education access is probably quite different in
these contexts than in, for example, the USA, which is the site for most research on this question
and where short-term liquidity constraints seem distinctly less effective than increasing invenments
earlier in the educational and life stages of children (see e.g. (Cameron and Heckman, 2001; Keane
and Wolpin, 2001; Cameron and Taber, 2004)).
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wherein individuals revise their aspirations based on current performance, and hence

both measures capture similar variation, or it could indicate that lower aspirations

result in lower effort and thereby lower realised human capital even at 12.

Finally, including cluster fixed effects increases the proportion of variation that

we can explain, thus indicating that the location of households is importantly

associated with eventual higher-education attendance in ways not fully captured

by our previous controls. But the partial correlations with most variables are left

essentially unchanged, indicating that differences in wealth and education are as

salient within communities in their association with higher-education attendance as

the variation across communities.

As mentioned in Section 3, some individuals in the sample are still attending

secondary school, and many of them are likely to go to college. Thus, our

results could in part be reflecting the importance of the factors associated with

higher-education attendance at the right age, rather than just higher-education

attendance. To deal with this possibility, in the Appendix we report results

assuming that all individuals currently enrolled in secondary schooling will continue

to higher-education (Table 9). In addition, to verify that the choice of a linear

probability model is adequate, we report results using a Logit specification. The

marginal effects obtained from such model are reported in Table 10 (see Appendix).

As it can be seen, in both cases results are largely similar to those reported in Table

5.

5 Heterogeneity in the predictors of achievement across

groups

Thus far, we have modelled the relationship of various characteristics to eventual

enrolment in higher-education by 19 as being the same for all individuals in the

sample. However, it is possible that there is significant heterogeneity in this respect

- for example, maternal education may have very different predictive ability for the

higher-education of girls vs. boys. In this section, we explore the possibility of such

heterogeneity further along three dimensions - gender, rural location, and parental

education. We explore this heterogeneity in the possible effects of various fcators

by splitting samples along these dimensions and allowing all coefficients to differ

across the groups.29

29This flexibility comes at a cost. For most coefficients, especially in the case of rural/urban splits
where the sample is mostly concentrated in one or the other category, we will not be sufficiently
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5.1 Heterogeneity by gender

The first dimension of heterogeneity that we investigate is across the sex of

the sample individual. Splitting the sample by sex in each country, we present

estimates of specifications (1) and (3) i.e. first only regressing higher-education

attendance with a vector of background characteristics Xij and then presenting

a fuller specification also including aspirations and test scores. Results from this

exercise are presented in Table 6.

As is evident, there is interesting and significant heterogeneity across sex in the

association of various factors with eventual higher-education attendance. This

heterogeneity is most notable in the Indian sample. Looking first at the various

background characteristics, it is evident that being in the richest tercile of wealth

has a larger positive effect for boys than for girls, as is also true, with a large

coefficient, for living in rural areas. This is, however, nuanced by a somewhat larger

positive association for maternal secondary education and paternal higher-education

for girls’ access to higher-education than for boys. Much more interestingly, it

appears that parental and child aspirations for higher-education have a significant

effect only in the case of girls, making them significantly more likely to transition to

post-secondary education; coefficients on these variables in the male sub-sample are

very imprecisely estimated and not significantly different from zero. Looking also

at the change in coefficients in both male and female subsamples, we note that it is

these aspirations that serve as the channel for the disproportionate protective role

of maternal education for girls. Splitting the sample by gender in India also reveals

interesting heterogeneity in birth-order effects, with third-born girls being less likely

than their elder siblings to advance to post-secondary education. However, this is

not the case for boys. In fact, second-born boys are more likely to advance to

post-secondary education than their elders.

In Peru and Vietnam, there are some indications of gender-based heterogeneity

in these partial correlations. The first of these concerns rural location: in Peru,

conditional on other characteristics, boys from rural areas are more likely to enrol

in higher-education than their urban counterparts, but the same is not true for

girls. In both Peru and Vietnam, although in the latter only modestly so, maternal

education seems to play a more salient role for boys than for girls; across all three

countries, thus, it appears that maternal education acts as an equaliser for the levels

of access to higher-education across sex. Finally, as in India, it seems that children’s

justified in most cases to reject the equality of coefficients across samples. The results in this case
will be suggestive.
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self-reported aspirations at 12 in Vietnam are predictive on higher-education access

for girls but not for boys.

5.2 Heterogeneity by rural location

Some of the most surprising results in the previous tables relate to a pattern where,

conditional on various background characteristics, children in rural areas seemed to

be more likely to access post-secondary education than their urban counterparts (see

Tables 5 and 6). Further, this pattern seemed to be driven entirely by men in India

and Peru. In this section, we split the sample by rural location in each country in

order to understand which categories of social or individual characteristics seem to

be responding differently in urban vs. rural areas in relation to eventual enrolment

in higher-education.

Table 7 presents the results for this particular exercise; as in Table 5, we present

results for two specifications for each category (urban and rural) within country.

The clearest results are those on gender across urban and rural areas: in both

India and Peru, girls in rural areas are less likely than boys to eventually reach

higher-education, but there are few indications of such bias in urban areas, where

the coefficient on female dummy is usually positive and sometimes significant. In

Vietnam, this pattern holds true in the opposite direction; there is a pronounced

pro-girl difference in rural areas, but no signs of similar differences in urban areas.

We also observe that birth order seems to play a role in rural areas in India and

Vietnam, but not in urban areas. There are few other notable differences.

5.3 Heterogeneity by parental education

The final dimension for our investigation of heterogeneity in partial correlations is

by parental education (Table 8). Here, we divide the sample into two categories:

individuals with and without at least one parent with secondary education. As in

Tables 6 and 7, we present specifications with and without aspirations and lagged

test scores.

In India and Vietnam, parental education acts as a significant factor for increasing

women’s education levels. In the Indian sample, there is no discernible gender

bias in higher-education enrolment in families with at least one parent educated at

the secondary level — in stark contrast to families with lower parental education

where a pronounced gender difference favours boys. In Vietnam, on the other hand,
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parental education seems to exacerbate gender differences – the pro-girl bias noted in

previous tables seems to exist only in households with at least one parent educated

at secondary school level or higher. For most other coefficients considered, we do

not observe strong evidence of heterogeneity.

6 Discussion

Access to higher-education, despite its likely relevance for middle-income countries,

remains understudied. This paper has tried to address that gap partially by

presenting the first individual-level longitudinal analysis of factors determining

access to higher-education in three middle-income countries for recent cohorts. We

have documented that there are important inequalities in access to higher-education

arising from parental background, household wealth, location, and gender – as

we highlighted in the introduction, these inequalities are important not just in

terms of distributional concerns but also because they may have implications

for the economic prospects of these countries. In keeping with a vast literature

on human-capital formation, we document that much of the inequality in

higher-education access appears early, and is evident in the correlation between

early measures of learning and later enrollment in higher-education. However, as

we also document, accounting for these differences which emerge in school years,

or the aspirations that children and parents express for higher-education, reduces

only a part of the correlation with household wealth and higher-education access,

indicating a potentially important role for liquidity constraints at secondary school

ages and afterwards.

While these results are novel and important, they remain limited in important ways.

In particular, we do not claim to provide causal treatment effects for any particular

determinants of eventual access to higher-education. More generally, the literature

on higher-education in developing countries remains constrained in a number of

directions. To give a few examples within this broad research area, we are not

aware of even careful descriptive analyses of the trends in the ‘college premium’ on

wages or in marriage markets in these countries, or of analyses of the determinants

and consequences of the type of higher-education track or chosen by individuals or

careful structural analyses of eventual higher-education completion. We also know

remarkably little aboout the quality of education imparted in these institutions;

as experience with the rapid expansion of schooling in developing countries has

demonstrated, actual skill levels imparted in education may lag significantly below
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the formal expectations set out in curricula (Pritchett, 2013). These are all areas

in which we hope to see our knowledge expand rapidly as concerns about tertiary

education rise prominently in academic and policy thinking on education policy in

developing countries.
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Figure 1: Enrolment in formal education by age (national data)

(a) India

(b) Peru

(c) Vietnam

Note: Authors’ computations based on India Human Development Survey - II (2012), the National Household
Survey (2010) in Peru and the Multiple Indicator Cluster Survey (2010-11) in Vietnam. For each country, the
information corresponds to all household members aged between 5 and 18 years at the time of the interview.
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Figure 2: Trends in higher-education attendance

(a) India

(b) Peru

(c) Vietnam

Note: Authors’ computations based on India Human Development Survey - II (2012), National Household Survey
(2010) in Peru and the Multiple Indicator Cluster Survey (2010-11) in Vietnam. For each country, the
information corresponds to all household members born in 1955 or later and aged 19 or more at the time of the
interview. In the figures, each point represents a 5-year-of-birth moving average of higher-education attendance.
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Table 1: Descriptive statistics

India Peru Vietnam
Mean SD N Mean SD N Mean SD N

Household characteristics
% Rural 0.76 0.43 950 0.25 0.43 622 0.82 0.39 879
Wealth Index 0.41 0.21 950 0.48 0.23 616 0.44 0.20 878

Mother’s education level:
— None 0.60 0.49 944 0.10 0.30 619 0.10 0.30 872
— Primary School 0.27 0.45 944 0.35 0.48 619 0.27 0.45 872
— Secondary School 0.10 0.30 944 0.40 0.49 619 0.68 0.47 872
— higher-education 0.03 0.16 944 0.16 0.36 619 0.05 0.22 872

Father’s education level:
— None 0.42 0.49 946 0.02 0.14 596 0.07 0.26 846
— Primary School 0.29 0.45 946 0.32 0.47 596 0.23 0.42 846
— Secondary School 0.22 0.41 946 0.47 0.50 596 0.71 0.45 846
— Higher Education 0.06 0.24 946 0.19 0.39 596 0.07 0.25 846

Birth Order:
— First Child 0.28 0.45 950 0.32 0.47 621 0.37 0.48 879
— Second Child 0.33 0.47 950 0.25 0.43 621 0.32 0.47 879
— Third Child, + 0.39 0.49 950 0.43 0.50 621 0.32 0.47 879
Number of siblings 1.90 1.11 950 1.80 1.36 622 1.80 1.24 879

Individual characteristics
Age in Round 4 18.72 0.46 950 18.41 0.57 622 18.76 0.47 878
Female 0.51 0.50 950 0.46 0.50 622 0.52 0.50 879
Height-for-age z score, (8 y) -1.55 1.03 950 -1.41 1.01 618 -1.49 0.97 879

Aspirations at 12
Caregiver’s aspirations for child:
— Complete Secondary or Less 0.30 0.46 915 0.06 0.23 618 0.22 0.41 871
— Higher Education 0.70 0.46 915 0.94 0.23 618 0.78 0.41 871

Child’s aspirations:
— Complete Secondary or Less 0.36 0.48 940 0.09 0.29 617 0.24 0.42 876
— Higher Education 0.64 0.48 940 0.91 0.29 617 0.76 0.42 876

Test scores at 12:
PPVT (raw score, standardised) 0.00 1.00 931 -0.00 1.00 611 -0.00 1.00 838
Maths (raw score, standardised) 0.00 1.00 938 0.00 1.00 614 -0.00 1.00 874

Note: Data from the Young Lives surveys. Household characteristics were measured in Round 1 (2002), except for
parental education, which comes from the Parental Background module of Round 2 (2006). The primary-school
category in parental education includes adult literacy programmes. Aspiration and Test Scores measured at age
12 come from Round 2. Height-for-age at age 8 comes from Round 1.
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Figure 3: Age of Young Lives sample individuals in successive survey rounds

Round 1 Round 2 Round 3 Round 4
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Table 2: Enrolment in higher-education at the age of 18-19

India Peru Vietnam
% % %

N Total M F N Total M F N Total M F
Never enrolled in HE 454 47.8 38.9 56.4 283 44.6 42.5 46.9 402 45.9 50.4 41.8
Enrolled in Secondary or lower 87 9.2 12.6 5.8 62 9.8 11.7 7.5 162 18.5 17.2 19.7

Ever enrolled in HE 409 43.1 48.5 37.8 290.0 45.7 45.8 45.6 312.0 35.6 32.5 38.5
— (a) Technical/vocational 72 7.6 10.3 5.0 137 21.6 21.4 21.8 142 16.2 15.3 17.1
post secondary college
— (b) University 305 32.1 33.8 30.5 122 19.2 19.4 19.1 165 18.8 16.5 21.0
— (c) No longer enrolled 32 3.4 4.5 2.3 31 4.9 5.0 4.8 5 0.6 0.7 0.4

950 635 876

Note: Data from the Young Lives surveys. Enrollment was calculated using information from the Education
History module from Round 4 for each country. The education history module contains information about
education enrolment in primary, secondary and higher level, for each year between 2010 and 2013. An individual
is reported as “ever enrolled in higher-education” if he/she was enroled in higher-education at least one year
between 2010 and 2013. Rows (a) and (b) correspond to those enrrolled in 2013, the latest observation. Row (c)
correspond to those that are not enrolled in 2013 but that were enrolled in higher-education at least one year
between 2010 and 2012.
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Table 3: higher-education enrolment by household characteristics and sex

India Peru Vietnam
M F M F M F

Location:
Urban % 0.54 0.59 0.50 0.53 0.43 0.49

N 113 110 259 218 83 80
Rural % 0.47 0.31 0.33 0.25 0.30 0.36

N 355 372 82 76 335 376

Terciles of wealth:
— Poorest third % 0.34 0.20 0.30 0.23 0.13 0.21

N 156 163 105 105 141 151
— Middle third % 0.48 0.37 0.42 0.44 0.34 0.43

N 154 162 120 91 127 162
— Richest third % 0.63 0.57 0.64 0.71 0.50 0.52

N 158 157 112 96 149 143

Mother’s education level:
— None % 0.38 0.28 0.31 0.27 0.07 0.08

N 282 286 35 26 46 40
— Primary % 0.61 0.42 0.32 0.36 0.11 0.27

N 129 130 115 104 110 124
— Secondary % 0.67 0.74 0.48 0.49 0.44 0.47

N 42 50 135 115 234 268
— higher-education % 0.92 0.92 0.77 0.75 0.78 0.68

N 13 12 53 44 23 22

Father’s education level:
— None % 0.40 0.21 0.29 0.40 0.06 0.09

N 205 196 7 5 36 23
— Primary % 0.44 0.41 0.28 0.32 0.13 0.16

N 131 143 99 92 89 101
— Secondary % 0.58 0.50 0.48 0.48 0.42 0.47

N 96 109 152 132 236 285
— higher-education % 0.86 0.87 0.67 0.69 0.61 0.59

N 35 31 69 48 38 34

Birth order:
— First Child % 0.55 0.45 0.59 0.51 0.38 0.40

N 129 136 106 91 152 166
— Second Child % 0.57 0.43 0.41 0.57 0.41 0.47

N 155 157 85 76 138 139
— Third Child, + % 0.37 0.29 0.39 0.35 0.17 0.28

N 184 189 149 127 128 151

Note: Data from the Young Lives surveys. Area of location (urban and rural), wealth terciles and birth order are
from Round 1 (2002); parental education is from Round 2. Enrolment is calculated using the definition “ever
enrolled in higher-education” reported in Table 2.
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Table 4: Aspirations for higher-education of the Young Lives cohorts at the age of
11-12

India Peru Vietnam
% % %

n T M F n T M F n T M F
Child aspirations

— Secondary or lower 337 35.8 28.8 42.7 57 9.2 10.9 7.3 206 23.5 26.3 21.0
— higher-education 604 64.2 71.2 57.3 560 90.8 89.1 92.7 670 76.5 73.7 79.0

941 617 876
Caregiver aspirations

— Secondary or lower 274 29.9 22.0 37.5 36 5.8 5.1 6.6 191 21.9 23.9 20.2
— higher-education 642 70.1 78.0 62.5 582 94.2 94.9 93.4 680 78.1 76.1 79.8

916 618 871

Note: Data from the Young Lives surveys. Aspirations were measured using the question “Imagine you had no
constraints and could stay at school as long as you liked, what level of formal education would you like to
complete?” asked to the child and “Ideally, what level of education would you like NAME to complete?” asked to
the caregiver. Information is from Round 2. In the case of India, 104 children (10.9% of the sample) did not
answer this question in Round 2 (compared to only 5 children in Peru and 3 in Vietnam). In the case of India
only, we used the analagous aspiration question from Round 3.
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Accessing Higher Education in Developing 
Countries: Panel Data Analysis from India, 
Peru, and Vietnam

We use unique individual-level panel data from India (Andhra Pradesh), 
Peru and Vietnam on a cohort of individuals surveyed from the age 
of 8 years to 19 years to study factors affecting enrolment in higher 
education in these middle-income countries. We document (a) that 
similar to nationally representative data, the proportion having 
accessed higher education at this age is high (~35-45 per cent); (b) that 
there are steep gradients in higher education access across wealth 
and parental education; (c) that a substantial part of the gradient 
with regard to parental education is explained by parental and child 
aspirations for education at 12 years of age and previous measures 
of learning; (d) that in contrast, wealth gradients decline much less 
with the inclusion of these variables, indicating that the correlation 
between household economic circumstances and higher education 
access is only partly due to differences in early-childhood human-
capital formation; and (e) that there are important differences in terms 
of gender in access to levels of higher education (favouring boys in 
India and girls in Vietnam) and in the association of various household 
and individual characteristics and parental and child aspirations with 
enrolment in higher education by 19 years of age. To the best of our 
knowledge, this is the first such comparative longitudinal analysis of 
access to higher education in developing-country settings.

www.younglives.org.uk 
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